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Problem Definition and Contribution
Goal: Recovering clear image from a single visible remote sensing image with nonuniform haze.

NDNet

Contributions:
• We propose the NDNet for RS nonuniform haze removal, which outperforms other SOTA meth-

ods of natural image dehazing methods and RS image dehazing methods.
• We propose a Nonuniformly Excite (NE) module for nonuniform degradation.
• We recursively embed NE modules in a multi-scale framework, which helps not only signifi-

cantly reduce trainable parameters, but also fuse lower-level and higher-level features.
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• In the map operation, we utilize a proposed Dual Attention
Dehaze (DAD) block to extract local enhanced features.

• In the gather operation, we extract nonlocal haze-aware fea-
ture with utilize a strided deformable convolution.

Network
Dual Attention Dehaze block:
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• DAD has two branches, the channel attention branch and the
pixel-wise attention branch.
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Experiments & Results
Results on Nonuniform RS Haze dataset: Results on real hazy RS images:

Ablation study on DAD: Results on NHHaze2:


