ETH-zurich

Leonhard Helminger*  Michael Bernasconi' Abdelaziz Djelouah # Markus Gross'# Christopher Schroers ?
LETH Zlrich/ 2DisneyResearch|Studios

Motivation Overview
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Figure 1: Our approach is able to remove the Figure 2: Results on DIV2K dataset. The proposed prior Is Table 1. Quantitative evaluation on DIV2K and

degradation and produces visually more pleasing results. used to restore images of arbitrary size. comparison with state of the Art.



