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Encoding Decoding Details

Our Method: L3C

p(x) = p(x |21, 22, 23) - D(21|22, 23) - P(22|23) - P(23)
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e First Learned Full-Resolution Lossless Image Compression ’
e Smaller than non-learned lossless codecs: PNG, JPEG2000, WebP 5 bitstream
e Our probabilistic model is orders of magnitude faster than Pixe|CNN
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=minimize -log likelihood p




